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With an increasing number of chemicals to assess for acute systemic toxicity potential and a lack of sufficiently predictive in vitro Models r.e(.:elved fI'Qm participants. Participating groups submitted predictions for any one or up to all five of the d g (p ) p
approaches, in silico models provide an alternative to predict acute oral toxicity and bridge data gaps. NICEATM and the ICCVAM Acute acute toxicity endpoints. Evaluation scores
Toxicity Workgroup (ATWG) organized an international collaborative project to develop in silico models for predicting acute oral toxicity 5 )
[1]. In total, 35 groups participated, submitting 139 predictive models built using a dataset of 11,992 chemicals. Models were developed 09
for five endpoints: LD50 value, EPA hazard categories, GHS hazard categories, very toxic (LD50 < 50 mg/kg), and non-toxic a 08
(LD50 > 2000 mg/kg) [2]. Predictions within the applicability domains of the submitted models were evaluated using external validation ZZ
sets, then combined into consensus predictions for each endpoint, forming the Collaborative Acute Toxicity Modeling Suite (CATMoS) 3 05
[3]. The resulting consensus predictions leverage the strengths and overcome the limitations of individual modeling approaches. The 04
consensus predictions performed at least as well as the in vivo acute oral toxicity assay in terms of accuracy and reproducibility. ? 03
CATMoS consensus predictions can be generated for new chemical structures and are made available as free and open-source models Zj
via the OPERA predictive tool, which provides applicability domain assessments and accuracy estimates [4-5]. CATMoS predictions for ! 0
the ~850k chemical structures in DSSTox will ultimately be publicly accessible via NTP’s Integrated Chemical Environment and the . & é@@%@ & &;\ﬁ@@%@@q& S o7 oF o7 oF S &2 o &7 IR O ¥ & oY o7 S & & g@oz@'}é«éﬂ i~ &7t
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